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Calculate relative polarity weights Generate composite focal mechanisms
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FEN., KTHREWHEEHARERE (quality reconciled polarity weight)
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10%E B SN &, EERUN ERERIER S THEL 0.2%., B
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BEEETERGE T RARENENE IR TS RE L HE ZE W
T, M ENIR A, FRAREET 0.001 WA E R EH#HAT T,
R T2 95 % R R . XK AT 1629 MIE, AHRE
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(@) Decision tree, umbrella example
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Is it currently ;-a.in.ing? Isit tl;e rainy season?
= m TR
Do’T own an umbeeila? ‘iizb T‘ Isit cloud_} outside?
M P R
T 3t e 3t
(b) Random forests, polarity application
. Root ficds Reconciled polarity dataset
. ‘._ -
. Decision node Random selection . i Different selection
./. Leaf nodes of features / of features
Decis‘ior-l .I;ree 1 o oe Decil;io-n tree n
M
. deci':;i-zn .
- - trees . - ' ]
L 4 ® @ ®
@ [ & [ @ ® @ @]
o ® @ O @ ® ¢ ® o ® @8
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ERHENEE, NTTAERT - “ZE” W _#H 2 RXHEE, L4 a
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